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KERANEM (Keyword Spotting) HoRBEWSEIELAIS TRl ERIIREER],
 MIEARE

. NBREE

« "Hey Sin"

e "Alexa"

« "OK Google"
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import librosa
from sklearn.metrics.pairwise import cosine similarity

# FRENMF CCHFE

mfcc = librosa.feature.mfcc(y=audio data, sr=16000, n _mfcc=13)
features = mfcc.T
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# JBT)E MU
max_similarity = ©
for i in range(len(features) - len(template) + 1):
window = features[i:i+len(template) ]
similarity = cosine similarity(window.flatten().reshape(1l, -1),
template.flatten().reshape(1, -1))[0][0]
max_similarity = max(max_similarity, similarity)

# HIIFR TR S e
wake detected = max_similarity > 0.8
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import pyaudio
import numpy as np

# WlRlk E0m

p = pyaudio.PyAudio()

stream = p.open(format=pyaudio.paFloat32, channels=1,
rate=16000, input=True)
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# FIngAX
audio_buffer = np.array([])
buffer size = 32000 # 2§ Z4n

# SERYEROTEER
while True:
chunk = np.frombuffer(stream.read(1024), dtype=np.float32)

audio buffer = np.append(audio buffer, chunk)

if len(audio_buffer) >= buffer size:
current_audio = audio_buffer[-buffer_size:]
# 1JE PR EE TR B4R
print ("feNE KaEEE ! ")

break
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« BEE (Arousal) : BRGEE

« UM (Valence) : FARIR/IEHK
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import librosa
import numpy as np

# TREVESTAHIE
f0, , = librosa.pyin(audio, fmin=80, fmax=400)
@ _mean = np.nanmean(f0)

# TRHIMFCCHRE
mfcc = librosa.feature.mfcc(y=audio, sr=16000, n_mfcc=13)
mfcc_mean = np.mean(mfcc, axis=1)
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# IREUIE Ful
spectral centroid = np.mean(
librosa. feature.spectral centroid(y=audio, sr=16000))

# HEFHERE
features = np.concatenate([

[f@ mean, spectral centroid],
mfcc_mean

D
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{EFPE AR R AT E S D TR 2=,

;IJ

FEEL
features_scaled = scaler.transform(features.reshape(1, -1))

# I%E‘&‘,/\%

emotion_labels = ['happy', 'sad', 'angry', 'neutral’]
emotion_idx = classifier.predict(features scaled)[9]
confidence = max(classifier.predict proba(features scaled)[9])

# IR
predicted emotion = emotion_labels[emotion_idx]
print ("FNER: {}, BEE: {:.2f}".format(predicted emotion, confidence))
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